AI and Deliberation: Normative Ideals in the Light of Current AI Research in the Context of Online DiscussionsA Literature Review

Abstract
This paper reviews current research on artificial intelligence (AI) in the context of online discussions, using deliberative norms as a theoretical framework. Focusing on deliberative dimensions of civility, equality, rationality, and reciprocity, the study examines and assigns 171 articles to these categories, finding that most AI research to date emphasizes enhancing rationality and civility in online discourse. Techniques such as argument mining and hate speech detection are commonly used to improve discussion quality, fostering more structured and respectful communication. However, efforts to address equality and reciprocity—the foundational principles of democratic discourse—remain sparse. This imbalance highlights critical gaps in the application of AI for fostering equitable and inclusive dialogue. The paper argues that current approaches often lack grounding in normative democratic standards, limiting their ability to promote genuine deliberation. By incorporating deliberative principles into AI design, researchers and practitioners can create tools that support democratic ideals, mitigating biases and amplifying underrepresented voices. Ultimately, this review provides a roadmap for leveraging AI to enhance civility, rationality, equality, and reciprocity in online discussions, paving the way for more inclusive and responsive digital public spheres.
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The field of artificial intelligence (AI) has seen remarkable growth in recent years, with a rapidly expanding body of literature exploring AI’s applications in online discussions. Broadly defined, AI encompasses ‘computational systems that involve algorithms, machine learning methods, natural language processing, and other techniques that operate on behalf of an individual to improve a communication outcome’ (Hancock, Naaman & Levy 2020: 90). Thus, AI has introduced new methods for analyzing, guiding, and even shaping online interactions, making it a powerful tool in the context of digital discourse studies. Of particular interest are AI methods that intervene in online discussions, given the well-documented issues surrounding the low, and at times toxic, quality of these discussions (Coe, Kenski & Rains 2014; Wojcieszak et al. 2021).
Against this backdrop, the dual role of AI in online discussions is noteworthy: While the spread of AI-driven algorithms has been partly blamed for amplifying issues like echo chambers and polarizing content (Coleman 2018; Pariser 2011), AI is also increasingly viewed as a tool that might elevate online discussions and foster a more democratic debate (Rodríguez-Ruiz et al. 2020; Stoll, Ziegele & Quiring 2020). This duality has spurred a range of research questions within communication studies, particularly concerning how AI can either hinder or enhance the quality of online discussions. Despite growing interest, much of the existing research on AI and online discussions remains focused on descriptive or technical aspects, largely addressing how AI functions within these settings or how it influences user behavior. What is often missing, however, is a critical examination of AI against normative standards rooted in democratic theories, specifically deliberative theory. Deliberative theory is one of the most influential perspectives in digital discourse studies (Carstens & Friess 2024), asserting that public discourse should meet certain normative standards—such as civility, equality, rationality, and reciprocity—to support democratic ideals (Friess & Eilders 2015). Yet, few studies have systematically analyzed AI’s role in online discussions from this normative standpoint.
This paper seeks to bridge this gap by providing a comprehensive review of current AI research across different disciplines through the lens of deliberative norms. The guiding research question, therefore, is: Which deliberative norms are addressed by research on the application of AI in online discussions to date? Addressing this question requires not only examining how AI currently operates in online discussions but also investigating the extent to which AI supports or undermines the values essential to democratic discourse.
To answer this question, we will examine previous research against the background of the principles of civility, equality, rationality, and reciprocity, and assign each AI application to at least one of these principles. Accordingly, this review will identify where AI has been applied to uphold deliberative norms, and will also highlight areas where AI applications fall short. Thus, this analysis aims to provide meaningful starting points for both researchers and practitioners interested in advancing democratic discourse through AI. Ultimately, this article contributes to the dialogue on AI in communication studies by offering a normative perspective of current research, thus highlighting not only the achievements within the field but also the open questions and research desiderata that remain. 
Theoretical Framework
The transformation of public communication evoked by technological innovation has always preoccupied communication science (Dahlgren 1995; van Dijck & Poell 2015). However, political communication research has also been criticized for evaluating such processes of change retrospectively rather than actively shaping them (Schäfer & Wessler 2020). With regard to AI, we agree with Schäfer and Wessler (2020) that political communication scholars should critically analyze and evaluate the potential of AI for public communication—in this specific case, the potential for online publics—ex ante and based on theoretical and empirical expertise. 
Some researchers have already looked theoretically at the question of how AI will impact democracy and the public sphere. Jungherr (2023) argues that in order to assess the influence of AI on democracy, the respective level must be considered, from the individual (micro level) to groups and institutions (meso level) to the entire public sphere (macro level). At the meso level, he sees equality being influenced above all by the fact that AI makes certain groups more or less visible due to its dependence on data. In another article, Jungherr and Schroeder (2023) argue that there are three main categories when it comes to the influence of AI on the public sphere: AI shapes information and behavior, it generates content, and it communicates itself. Based on these systematizations of AI’s influence on democratic societies, we can classify our approach and aim of this article: Because it primarily affects different groups and institutions, the influence that AI exerts on online discussions may be subsumed under the meso level. With regard to the nature of the influence on online discussions, all three categories (i.e., shaping of information and behavior, generation of content, and communication) are probably relevant.
Nevertheless, although these systematizations offer useful heuristics for classifying the opportunities and risks that AI poses for democracy, they do not allow for a critical assessment. However, normative theories of democracy can do just that. They can not only assess various risks to democracy, such as those undoubtedly posed by generative AI in elections (Jungherr, Rauchfleisch & Wuttke 2024; Srivastava, Nikolich & Koppel 2023), from a sense of unease, but also substantiate them based on normative criteria. In addition, normative standards, such as those established by deliberative theories, are, in our view particularly, well suited not only to assess the potential of AI for online public discourse, but also to actively shape its development, due to their paradigmatic status in the field (Friess & Eilders 2015).
The concept of deliberation originates from the literature on deliberative democracy (Gutmann & Thompson 2004; Habermas 1996). In essence, deliberative democrats argue that a certain type of communication, namely deliberation, can lead to several democratically desirable outcomes, such as increased political tolerance and participation (Mutz 2008). While there are many readings of the theoretical literature and competing conceptions of what exactly constitutes deliberation (Bächtiger et al. 2010), most authors share the idea that deliberation is a constructive and respectful exchange of reasons among equal participants (Friess & Eilders 2015). Following this minimal consensus, this study will define deliberation as a demanding type of communication characterized by the norms of civility, equality, rationality, and reciprocity. 
(1) Civility refers to respectful interaction among discussion participants. This dimension is crucial because mutual respect creates a constructive and supportive discussion environment, even when disagreements arise (Mansbridge et al. 2012). When participants engage in a civil way, it minimizes hostility and encourages open dialogue, allowing everyone to voice their perspectives without fear of personal attacks or negative judgments. Civility, therefore, is fundamental to fostering an inclusive atmosphere conducive to democratic conversation (Papacharissi 2004). However, empirical studies have not only shown that online discussions tend to produce high volumes of hateful and derogatory user comments (Coe, Kenski & Rains 2014), but that this sort of communication can also negatively impact their readers in several ways, such as increased perceptions of bias or antisocial behavior (Anderson et al. 2018; Ziegele, Koehler & Weber 2018). Consequently, developing effective strategies to enhance the quality of user comments has become a vibrant research area. 
(2) Equality means that all participants have equal rights and genuine opportunities to participate (Gutmann & Thompson 2004). From a deliberative perspective, this dimension is essential because it ensures that every voice can be heard and thus has the potential to shape the outcome (Habermas 1990). When equality is prioritized, it prevents dominant voices from overshadowing others, allowing a diversity of opinions to be considered (Bächtiger & Beauvais 2016). Yet, research shows that online deliberation often falls short in achieving equality, as the ‘digital divide’ or ‘participatory divide’ prevents certain groups from engaging in discussions online (Hargittai & Walejko 2008; Norris 2012). However, these divides primarily relate to access or structural equality (Graham 2008). By contrast and going one step further, discursive equality centers on the communication process itself. Graham (2008: 21) defines discursive equality as the principle that ‘all participants within the process of deliberation be considered equal members’, ideally resulting in an equitable distribution of voices. However, studies reveal that online discussions are frequently dominated by a small number of highly active users (Graham & Wright 2014), which runs counter to the principle of equality.
(3) Rationality in deliberation implies that the discussion is grounded in reasoned arguments and the search for constructive solutions (Gutmann & Thompson 2004). This dimension is important because it directs the conversation towards an evidence-based exchange and thus unfolds the legitimizing power of deliberation (Manin 1987). When participants provide justifications for their views, contest other arguments, and propose practical solutions, deliberation unfolds its ‘truth-tracking potential’ (Habermas 2006: 413) and can lead to better-informed decision-making. Even though different authors have emphasized that there are alternative ways of reasoning, for example, through the expressions of emotions, narratives, and testimony (Dryzek 2002), the classic idea in which deliberation follows the ideal of rational discourse in which verifiable reasons are mutually contested is still very much dominant. Empirical research provides mixed evidence with regard to rationality in online discussions. While some studies find a fair amount of reasoning online (Berg, Fagerholm & Strandberg 2024), other findings provide a rather skeptical view, mostly regarding the complexity of argumentation provided in online discussions (Santana 2019). Another strand of literature suggests that rationality is highly contingent upon the design and context of online discussion environments (Esau, Friess & Eilders 2017; Marzinkowski & Engelmann 2022). 
(4) Reciprocity is a foundational principle of deliberation and means that participants are supposed to refer to each other’s statements, engaging in a back-and-forth exchange (Morrell 2018). Reciprocity is critical for deliberation’s epistemic functions—facilitating learning, changing opinions, and fostering informed reasoning (Estlund & Landemore 2018). Engaging with diverse perspectives also enhances error prevention (Bohman 2007) and enables empathy, mutual understanding, and a shared focus on the common good (Barber 1984). In addition to that, reciprocity upholds norms of politeness and civility, promoting mutual recognition, community, and trust (Bächtiger & Beauvais 2016). Thus, Esau and Friess (2022) conclude that within deliberative theory, the role of reciprocity can hardly be overestimated. Against the backdrop of its theoretical importance, many studies have investigated reciprocity in online discussions (Aragón et al. 2017; Graham 2008). Studies suggest a general lack of reciprocity in online discussions, meaning that they more often take the form of monologic statements rather than reflexive discourses; many comments do not receive any sort of response (Esau & Friess 2022). Previous research indicates that the distribution of reciprocity is highly uneven: The frequency of social interactions often follows a law of power distribution, meaning that a small number of actors receive a large and disproportionate share of replies (Raban & Rabin 2009).
The concept of deliberation has been used widely to evaluate the democratic potential of online discourse. We think that the four normative dimensions discussed offer a suitable theoretical framework to review current AI research more systematically. Current research reveals significant challenges in each area, indicating that while online discussions have the potential to foster democratic values, they frequently fall short in practice, often due to uncivil forms of discussion, unequal participation, limited rational engagement, and lack of reciprocity. As AI continues to shape the dynamics of online discourse, applying these deliberative principles will be crucial for highlighting how AI intervenes in democratic communication, identifying both the opportunities and potential risks. 
Method
The application of AI in the context of online discussions is a highly interdisciplinary and emergent field, encompassing contributions from computer science, communication studies, political science, and beyond. As such, it consists of a wide range of study types—ranging from conceptual discussions and normative proposals to empirical evaluations of AI applications. Our objective is to generate a broad overview of how AI has been proposed or implemented in relation to deliberative processes. Given the exploratory nature and conceptual breadth of our research interest, we adopted a scoping review as the appropriate methodological approach since it is particularly well-suited for mapping heterogeneous research areas and for identifying gaps, thematic patterns, and future research directions (Paré et al. 2015). Following the methodological guidelines for scoping studies by Arksey and O’Malley (2005), we structured the literature review along five stages.
The overarching aim of the review (Stage 1) was guided by a normative understanding of deliberation (see Theoretical Framework), which provided a conceptual lens for evaluating AI applications. Our guiding objective therefore is to explore in which areas—and to what extent—AI is being proposed or implemented in ways that intersect with deliberative ideals. We adopted a multi-pronged strategy to identify relevant studies (Stage 2). This included a keyword-based approach and Google Scholar as a starting point, followed by a snowballing process. The initial keyword combinations[footnoteRef:1] covered terms related to ‘artificial intelligence’, ‘deliberation’, and ‘online discussion’ in both English and German (as the two languages the authors speak). To ensure topicality, we limited ourselves to articles published no earlier than 2015 whenever possible, although earlier work (identified by looking through reference lists) was included in cases of particular technical relevance or uniqueness of the AI task examined. Our inclusion criteria were intentionally broad to account for the interdisciplinary nature of the topic. To provide a comprehensive overview, we have not limited our search to specific disciplines, included gray literature such as policy reports and white papers, and included papers that do not explicitly refer to deliberation as a theoretical concept. As a result, the context was expanded, and papers were also included that deal with the use of AI in a broader sense of online discussions (including social media). However, for reasons of time and resources, only materials in English or German were considered. In total, 407 potentially relevant articles were identified based on the title (and abstract if the title was ambiguous) in June and July 2022.  [1:  A comprehensive list of the used Keywords is displayed in Online Appendix 1. ] 

All the articles were manually reviewed (Stage 3) to exclude literature that does not thematize the use of AI in the context of deliberation (in the broadest sense) and accordingly does not fit the research desideratum. This left us with 171 articles, which constitute the literature corpus. Despite the search not focusing on specific disciplines, these are primarily works from the field of computer science, but also from the social sciences and the field of computational social science. The articles were manually categorized by the authors using the theoretical framework presented above (Stage 4). After scanning the entire article, the coders decided whether the study—explicitly or implicitly—targets concepts related to one or more of the four key dimensions of deliberation, i.e., equality, rationality, civility, or reciprocity. In cases where AI applications did not clearly align with any of the four dimensions of deliberation but the article still addresses the use of AI to support online discussions, the articles were included in a separate category (‘other’). Where applicable, we assigned additional tags to specify the particular focus within the dimensions. These tags were later used to inductively build subcategories. The complete list of included studies and their classifications is provided in Online Appendix 2. An article that targets more than one of the main dimensions or more than one specific aspect within a dimension may therefore appear more than once in the evaluation. In addition to that, a short note on the research design, the research question, the hypotheses, as well as the findings was added. The findings of the review are presented in the following section (Stage 5), organized thematically along the four deliberative dimensions. For each dimension, we provide illustrative examples of AI applications identified in the literature.
Results
The results indicate that previous AI research has mainly focused on the dimensions of rationality and civility, whereas equality and reciprocity have received less attention in AI research to date (Figure 1). The vast majority of the literature focuses on problems in online discussions that can be assigned to the dimension of rationality (115 articles). The main suggestion in this context is to use AI to improve the structural clarity of the discussion to make it more accessible to participants.
[Figure 1]
However, we have identified various solutions to this challenge, which justifies a closer look (Figure 2). Within the dimension of rationality, the largest proportion of studies (66 articles) addresses the complexity of online discussions by starting with increasing the transparency and comprehensibility of discussion structures and exploring the relationships between multiple arguments. A common starting point for this is argument-mining techniques. By automatically identifying discourse units and key components of arguments and then predicting agreement and contradiction, studies work on uncovering the relationships between arguments (Chakrabarty et al. 2020; Liebeck, Esau & Conrad 2017). This approach can also help make sense of large debates by identifying the issues that are central, controversial, or popular in a debate (Lawrence et al. 2017). Classifications through argument-mining techniques and argument clustering are further utilized to link or group related arguments (in terms of their stance or similarity) (Reimers et al. 2019). For example, Uszkoreit et al. (2018) implement a feature in their debate platform that allows users, when they want to make a new contribution, to automatically check whether an identical or similar argument already exists in the debate. Insights into argument structures and argument relationships can also be used to improve automated summarizations of debates (Fabbri et al. 2021). 
Another proposed method for modeling discussion structures is the issue-based information system (IBIS). Compared to argument mining, this method includes an issue element and is further used as a basis for automated discussion facilitation (Gu et al. 2021; Ito et al. 2020). Other studies in this subfield focus on topic analysis to detect emerging topics in online discussions (Mutanga & Abayomi 2022; Peng, Xu & Gan 2021). Topic modeling can further be used to promote structural clarity in discussions by grouping and structuring posts according to their topics (Liebeck, Esau & Conrad 2017), or by tracking changes in prevalent topics and structures over time (Stokes et al. 2020). Ultimately, the described techniques used for detecting underlying discussion structures can be used to visually promote structural clarity by implementing them on discussion platforms in the form of visual debate summarizations (Ullmann, de Liddo & Bachler 2019), argumentation maps, and discussion trees (Dragoni et al. 2018). 
The second largest group (46 articles) comprises works that focus on the level of individual contributions. Since individual contributions are upstream of discussion structures, there are overlaps between the two areas, and therefore some articles, like some of the previously mentioned, cover both. Proposed AI techniques for analyses on the individual contribution level mainly group around the recognition of arguments and topics within a contribution. Specified tasks in this area encompass the recognition of a contribution stance (Sobhani, Inkpen & Matwin 2015), stance polarity (Sirrianni, Liu & Adams 2021), and emotional sentiment (Pandey 2021). Further proposals are dedicated to the automatic extraction of relevant keywords (Ito 2018), fact recognition and source identification (Dusmanu, Cabrio & Villata 2017), and detecting relevant answers to questions (Khan et al. 2020). 
Far fewer studies (14 articles) attempt to deal with the connection between users and contributions (in a broader sense). The variety here ranges from connecting users with shared interests or opinions through user clustering or identifying subgroups (Arana-Catania et al. 2021; Qiu, Yang & Jiang 2013) to personalized summarizations of discussions based on individual interests (Tepper et al. 2018) to developing support for facilitation in the sense of providing information about the dynamics between users and contributions. This also includes techniques for calculating the polarization of discourses, predicting collective opinions (Althuniyan et al. 2019), assessing individual impacts on debate outcomes (Mayfield & Black 2019), and evaluating both the persuasive power and the approval/rejection of particular arguments (Dutta, Das & Chakraborty 2020). 
Equally few studies (11 articles) address the identification of surpluses (such as redundancies or duplicates), or conversely, the detection of unresolved aspects. For the automated detection of duplicates or redundancies, techniques such as clustering and semantic similarity detection using language models are used (Yang, Callan & Shulman 2006). To identify unresolved aspects, classification of discussions and their structure can help identify discussions with confusion or unanswered questions (Kim & Kang 2014). 
Finally, studies proposing AI to check specific requirements for comments to promote the rationality of a discussion (five articles) are a marginal topic. Examples of AI interventions in this context include supporting moderation by automatically identifying posts that do not meet minimum formal requirements (e.g., regarding length or spelling) (Hudson, Archibald & Heap 2020) or those that do not comply with the thematic agenda (Vivod 2020).
[Figure 2]
Regarding the deliberative dimension of civility (34 articles), studies on the automated detection of contributions that violate this norm dominate the reviewed literature. The focus varies between different aspects of (in)civil behavior: Approaches for recognizing hate speech (Mozafari, Farahbakhsh & Crespi 2019), sarcasm (Verma, Shukla & Shukla 2021), or cyberbullying (Al-Garadi et al., 2019) are proposed. Some studies also combine these aspects and work toward a comprehensive detection of incivility (Stoll, Ziegele & Quiring 2020). Besides the pure detection of incivility, studies have also experimented with anticipating the occurrence of antisocial events (Zhang et al. 2018) or automated counter-speech bots (Clever, Klapproth & Frischlich 2022). Even though studies target different forms of deviant communication, this strand of the literature has advanced significantly in recent years and is already poised to contribute to more civil online discussions. 
Compared to rationality and civility, the deliberative dimension of reciprocity (15 articles) is much less targeted by the AI research reviewed. Nevertheless, some promising attempts can be identified. Beyond the automated analysis of whether a contribution references other users’ contributions (Morio & Fujita 2018), AI approaches are being pursued, which explore the potentials of bots or artificial moderators that encourage reference to other participants to increase reciprocity in online forums (Wyss & Beste 2017). Other studies have successfully confronted participants with contrary arguments that were algorithmically curated to encourage greater responsiveness (Krauthoff et al. 2018).
The deliberative dimension of equality (nine articles) is the least addressed by the reviewed research. We can therefore only mention individual works that aim to increase equal and balanced participation in the discourse, for example, through automated moderation bots that encourage participation (Kim et al. 2021). Another approach is the automated recognition of roles in the discussion, in particular the distinction between active and passive participants (Wijenayake et al. 2020).
Articles that we were not able to allocate within the framework (27 articles) and are therefore subsumed under ‘other’, for example, deal with the detection of social bots (Martini et al. 2021), misinformation (Hardalov et al. 2021) or work on the development of further support techniques for human moderators, such as real-time message recommendations (Lee et al. 2020). 
Discussion 
This paper has dealt with the application of AI to online discussions, specifically with their use as a means to improve discussions in terms of the deliberative quality. To this end, we conducted a scoping review and categorized the AI applications suggested by existing work along four deliberative dimensions. Our findings reveal that the enhancement of rationality and civility in online discourse through AI can be identified as profound areas of research. Addressing the deliberative dimensions of equality and reciprocity through AI is not a blind spot, but research here is still in its infancy. 
We can only speculate about the reasons for this imbalance. However, it seems likely that one reason is the complexity of the dimensions themselves. Equality and reciprocity are not only challenging from a theoretical point of view but also with regard to their practical operationalization that poses methodological challenges: Aspects such as equality and reciprocity often become apparent only through interactional patterns that unfold across a discussion rather than within single comments. Capturing them thus requires discourse-level annotation or dynamic contextual modeling, which are still difficult to implement in current Natural Language Processing (NLP) and AI systems. This may explain why these dimensions have received comparatively little attention so far. At the same time, focusing primarily on normative ideals that are ‘easily’ measurable risks neglecting precisely those aspects—such as equality and reciprocity—that are complex but central to the deliberative ideal (Carstens & Friess 2024).
Furthermore, in the case of equality, there is also the fact that it is not possible to maintain or improve it in online discussions themselves. Rather, the degree of equality, especially with regard to the composition of the participants, is largely determined in the input dimension of online deliberation processes (Friess & Weinmann 2026), before the discussion even takes place, and is therefore beyond the reach of AI methods used in online discussions. Another reason is that we have looked at previous research through the deliberative lens, but very few studies do this themselves. We can even go a step further and state that many studies are not based on any theoretical background at all, but are instead motivated solely by practical considerations. This is probably due to the fact that although AI research has been going on for around 70 years, it has long been primarily motivated by engineering and computer science and has only recently found its way into communication science (Natale 2021). There may be papers from the field of communication science that theoretically discuss the use of AI in online discussions. However, the discipline has so far produced comparatively few concrete and functioning applications (but see Stoll, Ziegele & Quiring 2020), which is what we were looking for in our literature review. Accordingly, our literature corpus is dominated by papers from the field of computer science.
Nevertheless, we can conclude that our paper not only helps to provide a theoretically profound overview of the research to date but also shows where there are still gaps and further potential for using AI to improve online discussions from a normative democratic perspective. As the literature review has shown, one huge potential and, in our view, an urgent need to catch up exists with regard to the normative dimensions of equality. After all, the influence on equality, following Jungherr (2023), is one of the central ones with regard to democracy. This influence is due to the fact that existing biases, for example, the overrepresentation of certain minorities in crime statistics in data, can be perpetuated or even amplified by AI. However, this is precisely where AI could also come in, by specifically targeting such biases and attempting to overcome them. With regard to online discussions, for example, an AI application could identify minorities who tend to participate less in certain discourses, address them specifically, and encourage them to participate. By specifically addressing and encouraging discursive participation, the dimension of reciprocity could also be addressed and its extent increased in online discussions. In particular, an AI application that confronts participants in online discussions with opposing opinions could be useful by overcoming the well-known confirmation bias (Caraban et al. 2019). At the same time, it is worth considering whether the relative absence of such approaches in current AI research reflects a genuine gap or rather the present limits of what is technically and normatively feasible. Addressing equality through AI in deliberative contexts may require a level of contextual understanding and ethical oversight that current systems cannot yet provide. Recognizing these constraints helps to distinguish between areas where progress is desirable in principle and those where caution remains warranted.
Furthermore, this paper provides an idea of how future research on AI can be democratically classified, justified, and evaluated, and thus joins current research that also pursues this goal (García-Marzá & Calvo 2024; Jungherr 2023). Finally, our study provides a starting point for ethical reflection by providing evidence that certain forms of communication are more likely to be affected by AI interventions than others. The potential fairness issues this raises have been recently discussed by Carstens and Friess (2024). They argue that the current focus on verbal markers of incivility and argument-mining approaches risks excluding minority voices and privileges those who have greater access to formal education and are thus well trained in rational argumentation. With this argument, they echo an already established critique of normative democratic theory (Young 1996). In addition, their article confirms the argument that AI not only replicates but could even reinforce biases with regard to minorities (Jungherr 2023).  	Comment by Autor: AQ: Please check the sentence “The potential fairness issues...” for edits.	Comment by Autor: Seems okay to me
In summary, this paper illustrates the opportunities and risks of AI for democracy and classifies them against the normative background of deliberative democracy. Using this background, it highlights significant progress in using AI to enhance rationality and civility in online discussions, while also revealing the need for more research on equality and reciprocity. By identifying these gaps, we provide a foundation for future studies to leverage AI in fostering more democratic online discourse.
Conclusion
The rise of AI presents both promising and challenging dimensions for the future of democratic discourse online. Normative democratic theories, particularly deliberative democracy, provide crucial guidance in evaluating the extent to which AI can support democratic ideals and in identifying where AI may undermine democratic values, while allowing to advocate for solutions that uphold these principles. Going forward, interdisciplinary collaboration between AI developers, policymakers, and communication scholars will be essential in ensuring that AI serves as a force for inclusive, constructive, and democratic online public discourse.
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Figure 1: Distribution of the articles across the four dimensions of deliberation.


Figure 2: Distribution of the articles across the dimension of rationality.
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